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fig.1:
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fig.2: Flow chart of Learning.
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fig.4:4 phases description.

fig.3: Auto Segmentation by Al.
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fig.5: Classification of 4 phases and mean=1.96SD.

Results and Discussion
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fig.6: Results of all dataset’s outer
counts.

fig.7 : Results of all dataset’s average of
outer counts. There were significant
differences in All and phase B.

Conclusion
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